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A Study on Optimization of Partial Discharge Pattern Recognition
using Genetic Algorithm
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Hanyang University
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procedure SimplcGeneticAlgorithm()
initialize(Population);
cvaluate(Population):
while not(termination condition satisfied) do

MatingPool = reproduce(Population);
Population = recombine(MatingPool);
cvaluate(Population);

end while

cnd procedure

2.2 dEax ¥ 4
GIS il A Bzt
CRE LS BN

R

7C¢ kV GIS Mockup

JAC B0HM2

HV
PO free
Transformer

100kVA

Detection
tonpedence

Y 1> HEHIR FHT

A4
3GHz) &
AH %
2 A% Oﬂ Z-] 7

r (Ultra High Frequency: 300MHz -
A& o, RGI0 (50Q) ol F
Convert Unitg %3 txg 2z

cﬂ°lEiBﬂ°]*” T%57]
A}—io] Zq qo] =

Oﬂ e} 47}14 g

sstel 19 25}
A7 2lE 1679
LG )

it
adk rio

o}
=2

=)

ki

{a) Free Moving Particie (FIMP) {b) Floating Electrode (FE)

{¢} Fixed Protrusion (FP}

{d} Spacer insulation Defects (D)
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