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Development of An Operation Monitoring System for Intelligent Dust
Collector By Using Multivariate Gaussian Function

FEFx, WA B
Yun-Jong Han*, Sung-Ho Kim**

Abstract - Sensor networks are the results of convergence of very important technologies such as wireless
communication and micro electromechanical systems. In recent years, sensor networks found a wide applicability in
various fields such as environment and health, industry scene system monitoring, etc. A very important step for these
many applications is pattern classification and recognition of data collected by sensors installed or deploved in different
ways. But, pattern classification and recognition are sometimes difficult to perform. Systematic approach to pattern
classification based on modern learning techniques like Multivariate Gaussian mixture models, can greatly simplify the
process of developing and implementing real-time classification models. This paper proposes a new recognition system
which is hierarchically composed of many sensor nodes having the capability of simple processing and wireless
communication. The proposed system is able to perform context classification of sensed data using the Multivariate
Gaussian function. In order to verify the usefulness of the proposed system, it was applied to intelligent dust collecting

svstem.
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2. Sensor Network System
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typedef struct TOS_Msg

{
uintl6_t addr;
wnt®_t type;

wnt8_t group;

uint8_t length

mt8_t datal TOSH_DATA LENGTH]
uintl6_ t ere;

wintl6_t strength;

wnt8_t ack

uint16_ttime

}TOS_Msg
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