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Detection of mass type-Breast Cancer using Homogeneity and Ranklets on Dense

Mammographic Images
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Abstract - In this paper, we propose a new method for detection of mass—type breast cancer in dense mammogram.
As the proposed method analyzes texture of the breast tissue using method by fusing Homogeneity and Ranklets,
improve problem of traditional method. Homogeneity gives the measure of uniform density, and Ranklets determine
orientation selective property at vertical, horizontal and diagonal in mass region. The proposed method is suitable to
dense mammogram with tangled normal tissue and cancer tissue. SVM(Support Vector Machine) classifier is used for
effective detection of mass-type breast cancer in dense mammogram.
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