Bz

o
&= =

2006EE (HSHNDIER ohAisi=Ugl =28 2006.7.12 - 14

SEHAEHY JIYE XKL MBALY 2O M Al AL

An Survey on the Power System Modeling using a Clustering Algorithm

Young-Soo Park, Jin-Ho Kim
Pusan National University

Abstract - This paper is focused on the survey on the power system
modeling using a clustering algorithm. In electricity markets, clustering
method is a efficient tool to medel the power system. It can be seen
that electricity markets can also be classified into several groups which
show similar patterns and that the fundamental characteristics of power
systems can be widely applicable to other technical problems in power
system such as generation scheduling, power flow analysis, short-term
load forecasting, and so on. There are several researches on the power
system modeling using a clustering algorithm. We specially surveyed
their own clustering methods to model the power system.
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