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A Power Disturbance Classification System using Wavelet-Based
Neural Network

Hongkyun Kim, Jinmok Lee, Jeaho Choi
School of Electrical and Computer Engineering, Chungbuk National Univresity

ABSTRACT

This paper presents a wavelet—-based neural
network technology for the detection and
classification of the short durations type of
power quality disturbances. Transients happen
during very short durations to the nano- and
microsecond. Thus, a method for detecting and
classifying transient signals at the same time
and in an automatic combines the properties of
the wavelet transform and the advantages of
neural networks. Especially, the additional feature
extraction to improve the recognition rate is
considered. The configuration of the hardware of
TMS320C6711 DSP based with 16 channel
ZOMhZ sampling rate A/D(Analog to Digital)
converter and some case studies are described.
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Fig. 3 Network diagram of signal analysis algorithm
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Fig. 6 Block diagram of power quality analysis system
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Table 1 Recognition rate

True Class Recognition rate

Micro-Interruption 94%

Spake 92%

Oscillatory 89%

Total 92.7%
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