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Algorithm Root Node Final Node
CART 0.0306018 0.0184428
CHAID 0.0306018 0.0083274
QUEST 0.0306018 0.0222234
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Algorithm Sensitivity Specificity Accuracy Sensitivity Specificity  Accuracy
(%) (%) (%) (%) (%) (%)

CART 98.80146 79.91632 98.34249  98.70540 71.12971 98.02875
CHAID  99.16353 83.70370 98.79907  98.99588 70.96774 98.19302
QUEST 97.83661 75.59055 97.54932  97.96748 67.12329 97.50513
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