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Speech Emotion Recognition by Speech Signals on a Simulated Intelligent
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Abstract

We propose a speech emotion recognition method
for natural human-robot interface. In the proposed
method, emotion is classified into 6 classes: Angry,
bored, happy, neutral, sad and surprised. Features
for an input utterance are extracted from statistics
of phonetic and prosodic information. Phonetic
information includes log energy, shimmer, formant
frequencies, and Teager energy; prosodic information
includes pitch, jitter, duration, and rate of speech.
Finally a pattern classifier based on Gaussian
support vector machines decides the emotion class
of the utterance. We record speech commands and
dialogs uttered at 2m away from microphones in 5
different directions. Experimental results show that
the proposed method yields 59% classification
give about 50%

accuracy, which confirms that the proposed method

accuracy while human classifiers

achieves performance comparable to a human.

Keywords: emotion recognition, support vector
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o
°l Atk sur(surprised), (average accuracy: 59%)
E 1 #3 &4 dolgule] 2 AR Thol
ang bor hap neu sad sur
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(average accuracy: 50%)
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(average accuracy: 45%)

7234 9l confusion matrix

ang bor hap neu sad sur
ang 054 | 000 | 018 | 0.12 | 0.00 | 0.16
bor 000 | 056 | 012 | 0.14 | 0.18 { 0.00
hap | 002 | 0.02 | 052 | 0.20 | 0.08 | 0.16
neu 019 | 000 | 027 | 044 | 002 | 0.08
sad 000 ] 076 | 0.00 | 0.00 { 024 | 0.00
sur 022 | 000 | 026 | 0.10 | 0.02 | 040
T 5 4R EHE o] & #AA4Y confusion matrix
(average accuracy: 40%)
ang bor hap neu sad sur
ang | 051 | 001 | 010 | 0.15 | 0.02 | 0.20
bor 000 | 051 | 0.04 | 010 | 034 | 0.00
hap 013 | 005 | 026 | 034 | 010 | 012
neu 011 | 006 | 016 | 045 | 014 | 0.08
sad 000 | 039 | 006 | 0.16 | 038 | 0.02
sur 030 | 001 | 015 | 022 | 002 | 0.31
£ 6 TeagerolUA] 54 o] &% 7132049 confusion matrix
(average accuracy: 39%)
ang bor hap neu sad sur
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