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Estimation and Control of Speed of Induction Motor
using Fuzzy and Neural Network

Jung=Sik Choi, Jung-Chul Lee, Hong-Gyun Lee, Su-Myeong Nam, Jae-Sub Ko, Jong-Kwan Kim, Dong-Hwa Chung

School of Information & Communication Engineering. Sunchon National Univ.

Abstract — This paper is proposed a fuzzy control
and neural network based on the vector controlled
induction motor drive system. The hybnd
combination of fuzzy control and neural network will
produce a powerful representation flexibility and
numerical processing capability. Also, this paper is
proposed estimation and control of speed of induction
motor using fuzzy and neural network. The back
propagation neural network technique is used to
provide a real time adaptive estimation of the motor
speed. This paper is proposed the experimental
results to verify the effectiveness of the new method.
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