A)323) FAISERE3 =3 Vol. 32, No. 2(II)

Eotd AYLE 238

H| o] x| ¢t YIEY A 7]4Ee]

o] °

A48
EEUERE

=] A
2d g

24 o)

dAden AFE G

{byulyi®,

shcho}@sclab.yonsei.ac.kr

Learning Predictive Model of Memory Landmarks
based on Bayesian Network Using Mobile Context Log
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