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Criteria of Association Rule based on Chi-Square for Nominal Database
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Abstract

Association rule mining searches for interesting relationships among items in a given
database. Association rules are frequently used by retail stores to assist in marketing,
advertising, floor placement, and inventory control. There are three primary quality measures
for association rule, support and confidence and lift. In this paper we present the relation
between the measure of association based on chi square statistic and the criteria of
association rule for nominal database and propose the objective criteria for association.
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