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A Cluster modeling using New Convergence properties
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Abstract — In this paper, we propose a clustering that perform algorithm using new convergence properties. For
detection and optimization of cluster, we use to similarity measure with cumulative probability and to inference the its
parameters with MLE. A merits of using the cumulative probability in our method is very effectiveness that robust to
noise or unnecessary data for inference the parameters. And we adopt similarity threshold to converge the number of
cluster that is enable to past convergence and delete the other influence for this learning algorithm. In the simulation, we
show effectiveness of our algorithm for convergence and optimization of cluster in given data set.
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Gaussian Mixture Model, Expectation-Maximization algorithm, Mountain Clustering, Convergence
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