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A New Genetic Algorithm based on Mendel's law
P98 Ao Hag™
Wooyong Chung, Euntai Kim, Mignon Park
Abstract - Genetic algorithm was motivated by biological evaluation and has been applied to many industrial

applications as a powerful tool for mathematical optimizations. In this paper, a new genetic optimization algorithm is
proposed. The proposed method is based on Mendel's law, especially dominance and recessive property. Homologous
chromosomes are introduced to implement dominance and recessive property compared with the standard genetic
algorithm. Because of this property of suggested genetic algorithm, homologous chromosomes looks like the chromosomes
for the standard genetic algorithm, so we can use most of existing genetic operations with little effort. This suggested
method searches the larger solution area with the less probability of the premature convergence than the standard
genetic algorithm.
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% 5. Proposed GA (after 25 generation)

pop | rate of finding | average of |optimal

size | optimal value | best value | value

Normal GA 1| 10 | 0.30 (30/100) 21.1538 24.855

Normal GA 2| 10 | 0.36 (36/100) 21.3368 24.855

Proposed GA|| 10 | 0.35 (35/100) 21.4585 24.855

Normal GA 1§ 16 | 0.45 (45/100) 221336 24.855

Normal GA 2| 16 | 0.46 (46/100) 22.2369 24.855

Proposed GA|| 16 | 0.51 (51/100) 22.4046 24.855
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