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Design of Wavelet Neural Network Based Indirect Adaptive Controller
Using EKF Training Method
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— Process oulput
Reference si

2 6 & 2o StEHE o/ &3 Ao Eat
# 1 Duffing AlAR 2z=2lel 53 Zat 2 Ay &A
Duffing System(Identification) EKF GD
Number of Wavelet node 5 5
Number of past output 2 2
Number of past input 2 2
Sampling time 0.02 0.02
Learning rate - 0.02
Identification result : MSE 0.00027 | 0.0011

E 2 Duffing A28 Mo 23t 2 Ay sH

Duffing System(Control) EKF GD
Number of Wavelet node(controller) 5 5
Number of past state(controller) 2
Number of past input(controller) 2 2
Sampling time(controller) 0.01 0.01
Learning rate(controller) - 0.05
Control result : MSE 0.0095 0.07
g 2 2 @
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