200445 B & MO SH=03I(CICS 04) =2&

IsometryZl M 2= SOME

A study on the Image Signal Compress using SOM with Isometry.

I E I P A R
Hae Ju Chang, Sang Hee Kim, Won Woo Park

Abstract - The digital images contain a significant amount of redundancy and require a large amount of data for
their storage and transmission. Therefore, the image compression is necessary to treat digital images efficiently.

The goal of image compression is to reduce the number of bits required for their representation. The image
compression can reduce the size of image data using contractive mapping of original image. Among the compression
methods, the mapping is affine transformation to find the block(called range block) which is the most similar to the
original image. In this paper, we applied the neural network(SOM) in encoding. In order to improve the performance of
image compression, we intend to reduce the similarities and unnecesaries comparing with the originals in the codebook.
In standard image coding, the affine transform is performed with eight isometries that used to approximate domain
blocks to range blocks.
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