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Optimization of Fuzzy Set-based Fuzzy Inference Systems Based on Evolutionary
Data Granulation
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(Keon-Jun Park, Dong-Yoon Lee, Sung-Kwun Oh)

Abstract -~ We propose a new category of fuzzy set-based fuzzy inference systems based on data granulation related
to fuzzy space division for each variables. Data granules are viewed as linked collections of objects(data, in particular)
drawn together by the criteria of proximity, similarity, or functionality. Granulation of data with the aid of Hard
C-Means(HCM) clustering algorithm help determine the initial paramters of fuzzy model such as the initial apexes of the
membership functions and the initial values of polyminial functions being used in the premise and consequence part of
the fuzzy rules. And the inital parameters are tuned effectively with the aid of the genetic algorithms(GAs) and the least
sauare method. Numerical example is included to evaluate the performance of the proposed model.
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