20043 HE 2 M &

S=U3I(CICS 04) =2 &

C}S AL X OFDMA| A€ol Al Gradual Neural NetworkE
olgst Mg &

Channel Allocation Using Gradual Neural Network For Multi-User OFDM Systems

==}
*v:-:’ﬂ,

w0l 3%, a7 2

Eun Jin Moon, Chang Wook Lee, Gi J. Jeon

Abstract - A channel allocation algorithm

of multi-user

OFDM(orthogonal frequency division

multiplexing)system is presented. The proposed algorithm is to reduce the complexity of the system, using the
GNN(gradual neural network) with gradual expansion scheme and the algorithm attempts to allocate channel
with good channel gain to each user. The method has lower computational complexity and less iteration than

other algorithms.
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