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A Study on Visual Contextual Awareness in Ubiquitous Computing

FEFASET . o] FET - MYF
(DongJu Han - JongBok Kim - SangHoon Lee - IlHong Suh)

Abstract - In many cases, human’s visual recognition depends on contextual information. We need to use effective
feature information for performing vigorous place recognition to illumination, noise, etc. In the existing cases that use
edge and color, etc., visual recognition doesn’t cope effectively with real environment. To solve this problem, using
natural marker, we improve the efficiency of place recognition.
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3.3 Place Recognition
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