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2.1 Gene Selection
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3.1.1 Leukemia dataset
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(Leukemia)

PC ED SC CcC
88.24 82.35 79.41 85.29
PC-ED | PC-SC | PC-CC | ED-SC | ED-CC | SC-CC
94,12 85.29 91.18 82.35 88.24 85.29
PC-ED-SC PC-ED-CC PC-SC-CC ED-SC-CC
91.18 94.12 85.29 82.35
PC-ED-SC-CC
88.24
B4 2% 5 A4 A Yy B /7)4 & A4 E
(Colon)

PC ED SC CcC
74.19 67.74 58.06 80.65
PC-ED | PC-SC | PC-CC | ED-SC | ED-CC | SC-CC
80.65 67.74 87.10 67.74 83.87 80.65
PC-ED-SC PC-ED-CC PC-SC-CC ED-SC-CC
80.65 87.10 80.65 80.65
PC-ED-SC-CC
74.19
BES5 28E T 404 AY Y BR7I HE U
(Lymphoma)

PC ED SC cC
68.00 56.00 60.00 68.00
PC-ED | PC-SC | PC-CC | ED-SC | ED-CC | SC-CC
76.00 68.00 84.00 64.00 72.00 72.00
PC-ED-SC PC-ED-CC PC-SC-CC ED-SC-CC
72.00 80.00 76.00 68.00
PC-ED-SC-CC
64.00
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