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Stopping-Rule for Minimum-Support)
Step 0 : U={Iteml, Item2, .., Item m} , F = &,
and N = & where U is a Undecided Set,

F is a frequent item set, and N is a

Algorithm

non—frequent item set.
Step 1 : Read a Transaction Row
Step 2 :

remains in U. For the items which are

Calculate 7 for each item which still

found at the row, make a decision on the
items wether P values are greater than
the upper limit or not under the given po
I P is
greater than the lower limit then the item

and the significance level a.

is inserted into the frequent item set F.
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For the items which are not found at the

row, make a decision on the items wether

2 is less than the lower limit If ? is
greater than the lower limit then the item
is inserted into the non-frequent item set
N.

Check if U is the null set or not.
the algorithm if U is the
Otherwise, go to step 1.

Step 3 Stop

null set.
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