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Abstract: This study proposed an anisotropic diffusion restoration for image classification.
The anisotropic diffusion restoration uses a probabilistic model based on Markov random field,
which represents geographical connectedness existing in many remotely sensed images, and
restores them through an iterative diffusion processing. In every iteration, the
bonding-strength coefficient associated with the spatial connectedness is adaptively estimated as
a function of brightness gradient. This study made experiments on the satellite images remotely
sensed on the Korean peninsula. The experimental results show that the proposed approach is also

very effective on image classification in remote sensing.
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Observation

No Diffusion
Fig. 1. Classification results of LANDSAT ETM+ (3 band: green, red, NIR) observed from
Yongin/Knungpyung area with 4 classes.
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No Diffusion MAID
Fig. 2. Classification results of the rectangular area in the observation image of Fig. 1.

Observation No Diffusion

Fig. 3. Classification results of IKONOS panchromatic image observed from Gangnam area
with 4 classes (Ko = 50 and ¢, = 2.0 for MAID).

Observation No Diffusion MAID

Fig. 4. Classification results of the rectangular area in the observation image of Fig. 9.
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