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A deA AT HARTE HEol ¥ WHe FEEA
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Erik[4]E 210B $ TE/Yog Zzte classifierstth
559 ¢4 2dg 9E X o FAHd JMEAE RAs=
wwoz WA 2934(internal-system  compbination)
32, *MaxEnt § 7EF9 classifier® 3% Rd¢ ¢S %
gA e "wHyez g8 A2¥HA(external-system
combination)3t] go] 7]¥ HALT AWHAM HuAFS
BaFEQr), Taku[5]E SVMse g ME t& FE7 Wi

2 I0B: Inside, Outside, Beginning of a Consecutive Chunk
IOB1: Initialized with B, others same with 10B
IOE: Inside, Outside, End of Chunk followed by another Chunk
IOE1: Initialized with E, others same with IOE1
0+ C: Open and Close word of Chunk

8 MaxEnt, ALLis, IGTree, SNoW, MBSL, C5.0
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BAFTE AEE 7 dojo] digk 7 92 el (tagging)
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0 *Ed611,Di021,Kd011,¥ ..Hj672,Bn042
C Ab02¢,Db091,Fa201,........ Bnl1l,Bm041
S Aa021,Aa041,Aa031,® ..Dn051,Bn031
N Kd011,Aa021,Aa041,%® .Df011,Bn031
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OCSN #7] #Wyle] 542 3A79 ZA(boundary) E71]
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Nez ej73tgict,
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& AF2E EA 97 stele 9oy dumz=(g] ¥ FA
Auet dx¢ A7) NA wole FA ARE FzAC
dgulzasrs (FEXAEHY (719 EFAA F 1428 7Y
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ARsget. U= E o) &Fe oy g WEY
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W = T(ip,(tp+ fp)Ppos) + T(fn,{fn+ tn)Ppos) +
T{fp,(tp+ fp)Pneg ) + T(in,{fn+ tn)Pneg)

‘Where T{(count,expect) = (count-expect)? expect

[293.21 chi-squared feature selection

B =2odME 94 71F AE 3022 Aeo 0,C, S, N 2
B E 29 10049 nz=g Musd ¢ AAR
ALg-EHgit

fn: false negatives
tn! ture negatives
neg: fp + (n

Pneg = neg/all

tp: true positives
fp: false positives
pos: tp + fn
Ppos = pos/all
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3.3 LIBSVMs

J1EH o2 SVMs & olA classifiereltt. W&o O, C, S, N
22 oF S TAE NE3Y] s SVMsY Heho]
gadck A ¥ (One Vs All Others) #Pi o2& Kig
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EAPEE W EF2 940, FAHW), AAAE T 20
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TreeBank[11] ©]32 27]¥& 11000 &3¢ <F 307 dojolt},

HiE 3 B3 =93 F d99= 5008%%
Aaggen o 53 dojoltt &g IHA F 4 70%9
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4.2 4% ASHOpen Test)
[E4.2.1] 34 W2 J%%

4=+ 37 % ¥
3 81.82%
5 82.64%
7 82.58%
9 82.54%
11 82.44%
[¥4.2.2] 4 W1 A%E
4= I7) 0 [9] [ N
8 79.17% | 79.26% | 62.35% | 85.69%
5 77.23% | 80.76% | 63.98% | 86.21%
7 77.88% | 80.58% | 64.12% | 85.99%
9 77.56% | 80.92% | 63.82% | 85.08%
11 77.38% | 80.63% | 63.82% | 85.90%
[¥4.2.3] 4 W2 AU
454 37] 0 C S N
3 65.33% | 56.26% | 75.59% | 93.70%
5 69.14% | 61.26% | 78.86% | 94.16%
7 67.99% | 60.25% | 78.86% | 94.22%
9 66.84% | 59.67% | 77.45% | 94.29%
11 66.14% | 59.12% | 77.45% | 94.22%
[¥4.24] N2¥ ¥4 ¢ ¥+ %4
AQ W2 0 cC | S N
85.17% | 79.568% | 84.24% | 70.59% | 88.09%
43 48
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Az g8 o AL ¢ F A% 0 "Hlze &Y Zo] 3904,
C Hl2E& 994, S HIaE 594, N Has 744 Hio
g BUdg ¢ F itk ol 34 B2 ¥ HAY & &
7HEAE Fosa N2 AL [ | HFo Y4 E F
A&E BYFan QU A=y g4 F AA "9 Y¥EL
9d AlzddlAe] Hae] AT 82.64%0M 85.17%22
g4 Hdn Z o d 34 & = weld g4 g4 B
F 3tk APES UBEN O, C, S Bt AdHeE v
N B2 AP Y4S3A w2 ¥ 5 3k N "Hay
AQ & o & "ol " sde AL JA 7o FAE
dRE AYeA R olg HA w@ojd WE O, C, S
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() O, C, S Hize] N¥EY %43 O 8las) C "y
Edxd g FH8] Fdel Wasith

(2) AA=2 F$ dol9 FAI ARE ALY EH o=
530 3% 9ATY AEdM FE APEE Relm
AT 419 & o AEZdE AR 2 9y 3=g
Atgol  "asith YEdolee  AdE  F9l7
AMA = (AXEFRY (7] 2=E&FAA F 94709
FEFE M3 AR v e

(3) " F719gd oM & =&dMe H9ATY A
B e 2FE 23UV "Rl FARELe
ZEd A Eo] old Fb B FAT e
B2 FEI}A G EF No2 #7 A o ¥
%o g FHol et

(4) Decision tree, Maximum Entropy Model, Memory
Based Learning 5 9& 3& WL AMgsle B
A2y oz A%s 8L ¥ gavt vk
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