Proceedings of KFIS Spring Conference 2004 Volume 14, Number 1
S Q| £ = —|.
=4y QlAlg et S8 S& ulztoig Hla

The Comparison of Speech Feature Parameters
for Emotion Recognition

Weon-Goo Kim
Schoo! of Electronic and Information Eng., Kunsan National University
E-mail : wgkim@kunsan.ac.kr

2 %

In this paper, the comparison of speech feature parameters for emotion recognition is studied
for emotion recognition using speech signal. For this purpose, a corpus of emotional speech data
recorded and classified according to the emotion using the subjective evaluation were used to
make statical feature vectors such as average, standard deviation and maximum value of pitch and
energy. MFCC parameters and their derivatives with or without cepstral mean subtraction are also
used to evaluate the performance of the conventional pattern matching algorithms. Pitch and
energy parameters were used as a prosodic information and MFCC parameters were used as
phonetic information. In this paper,

In the Experiments, the vector quantization based emotion recognition system is used for
speaker and context independent emotion recognition. Experimental results showed that vector
quantization based emotion recognizer using MFCC parameters showed better performance than
that using the pitch and energy parameters. The vector quantization based emotion recognizer
achieved recognition rates of 73.3% for the speaker and context independent classification.
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Table 2. Recognition rates using KNN(%)
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Table 3. Recognition rates using VQ(%)
(P : pitch, DP : delta pitch, DDP : delta
delta pitch, E ' energy, DE : delta energy,

DDE delta delta energy, M
mel-cepstrum, DM @ delta mel-cepstrum,
DDM delta delta mel-cepstrum),

CMS(Cepstral Mean Subtraction)

stz H 28 A7 E (%)

P 32 42.2

P+DP 256 42.2

P+DP+DDP 64 45.7

E 256 414

E+DE 128 46.6

E+DE+DDE 128 51.7

M 64 67.2

M+DM 256 73.3

M+DM+DDM 127 71.6

M(CMS) 512 60.5

M+DM(CMS) 256 61.1

M+DM+DDM(CMS) 512 62.3
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