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Abstract

In this paper, we present a performance comparison

of feature parameters and classifiers for

speech/music  discrimination. Experiments  were
carried out on six feature parameters and three
classifiers. It tums out that three classifiers shows
similar performance. The feature set that captures
the temporal and spectral structure of the signal
yields good performance, while the phone-based

feature set shows relatively inferior performance.
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2.1 High Zero-Crossing Rate Ratio (HZCRR)
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2.3 Spectrum Flux
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