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Abstract

MFCC(Mel Frequency
In general, triangular shape filters are used in the

filter bank when we get the MFCCs from the

spectrum of speech signal. In [1], a new feature o] AL BAAT ] HT APE BUYGHE

AR oz Fgro] $iri[23]
Cepstral Coefficient)7} ¥l2% £& EF detv
AH&Elz 9ledH, MFCCE 71vte=

£ A& & e EXFAHVEHE F237) 4T

extraction approach is proposed, which uses specific
filter shapes in the filter bank that are obtained
from the spectrum of training speech data. In this
approach, principal component analysis technique is
applied to the spectrum of the training data to get
the filter coefficients. In this paper, we carry out

flo i

speech recognition experiments, using the new

approach given in [1], for a large amount of
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PCA-optimized Filter Banks : 1st - 18th Filter
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