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Abstract

This paper presents our style-based language
model adaptation for Korean conversational speech
recognition. Korean conversational speech is
observed various characteristics of content and style
such as filled pauses, word omission, and
contraction as compared with the written text
corpora. For style-based language model adaptation,
we report two approaches. Our approaches focus on
improving the estimation of
models by

out-of-domain text data, where style is represented

domain-dependent

n-gram relevance weighting
by n-gram based tf*idf similarity. In addition to
relevance weighting, we use disfluencies as predictor
to the neighboring words. The best result reduces
6.5% word error rate absolutely and shows that

n-gram based relevance weighting reflects style

difference greatly and disfluencies are good
predictor.
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