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ABSTRACT
This paper presents a fuzzy-motion-control based tracking algorithm of mobile robots, which uses the geometrical
information derived from the active stereo-vision system mounted on the mobile robot.
The active stereo-vision system consists of two color cameras that rotates in two angular dimensions. With the stereo-
vision system, the center position and depth information of the target object can be calculated. The proposed fuzzy motion
controller is used to calculate the tracking velocity and angular position of the mobile robot, which makes the mobile robot

keep following the object with a constant distance and orientation.
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