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Abstract
UPGMA(Unweighted Pair

Method using Average distance) as hierarchical
clustering to detect abrupt shot changes using

We propose Group

multiple features such as pixel-by-pixel difference,
global and local histogram difference. Conventional
is a method of the
partitional clustering, has to select an efficient initial

k-means algorithm which

cluster center adaptively. UPGMA that we propose,
does not need initial cluster center because of
agglomerative algorithm that it starts from each
sample for clusters. And UPGMA results in stable
show that the

proposed algorithm works not only well but also

performance. Experiment results

stably.
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2.1 Pixel-by-Pixel Difference
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2.2 Histogram Difference
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2.3 Local Histogram Difference
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Clustering)
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1. begin initialize ¢, ¢’ < », D; < {X}, i=1,2,..., n
2 do ¢« c"—1

3. 7+ g 2828 D D; & Zeh
4. g82H 4, 7 & ¥§sit

5 until ¢ = ¢*

6. return ¢ EH2H

7. end
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