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EolllA vd¥ e 2A @el AL Y. o F
vz s AME A= &F(Supervised)ol A}
Hold 03 93 ¢33 & (Error Back Propagation
Algorithms)& AM&38tE thE7 2 HAYEE &AF A}
S8tk 28 22308 Z = 37 H(Gradient De-
scent Algorithms)& AHg8le @i Az ¢dneF
2 A&z &= EA uwtAd 23 EH(Error
Surface)ell Al A9 FH4zk(Global Minimum)& 23]
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A THT ggol, olgg tAdoZ & fz &
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