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Weighing adjustment avoiding extreme weights
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Weighting adjustment is a method of improving the efficiency of the estimator by
incorporating auxiliary variables at the estimation stage. One commonly used method of
weighting adjustment is the poststratification, which is a special case of regression
estimation but is relatively feasible in terms of actual implementation. if too many
auxiliary variables are used in the poststratification, the bias of the resulting
point estimator is no longer negligible and the final weights may have extreme
weights. In this study, we propose a method of weighting adjustment that compromises
the efficiency and the bias of the point estimator. A limited simulation study is also
presented.
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