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1. A4 &
Abstract
A

This paper presents an algorithm
for acquisition of linear segments of
building from edge pixels using Kalman
filtering. We can obtain the accurate
position of building corners from the
linear segments of building. The corner
points are wused to calculate the
position of building corners in world
coordinate using stereo vision
technique. The algorithm has been
applied to pairs of stereo aerial images
and the result showed accurate linear
segment detection from edge pixels of

ot

roof boundaries.
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o [1].
‘Prediction of states:

si-1=Hioys" (10

‘Prediction of the covariance matrix of
states:

Pl|l 1= Hl 1P| lHl 1+Q1 1
‘Kalman gain matrix:
Ki=Pi“_lFiT(FiPm_lFiT+Ai)‘1 (12)

‘Update of the state estimation:

(11)

s'i=s"o HKi(x; —Fis'y-0) (13)
‘Update of the covariance matrix of
states:

P,=(I-KF)Py_, (14)
‘Initialization:

Poo=4s, (15)

S"ge=Els,]
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X 1. 8549 A9 vy a9 b 7 {1] Zhengyou Zhang, Parameter estimation
= oA o= o techniques a tutorial with application to
a b a b conic fitting, Image and Vision Computing
edge(#1)| -0.612 97.628 | -0.6144| 89.818 Journal, vol. 15, no. 1, 59-76, 1997.
edge(#2)| 1.029 49.002 1.875 | 45.500 [2] @4, o3, A2RY 2 Hx 24 g4
edge(#3)| 3.963 | -91.963 | 1.606 | 53.133 E olg3 A2 339 BY, AT ES
edge(#4)| -0.612 | 149.913 | -0.614 | 141.858 =82, 37-SP(4): 46-55, 2000.
edge(#5)| 3.613 | -482.313| 1.568 | -156.203
edge(#6)| 0.984 -102.771 1.6156 | ~161.440
edge(#7)| -0.616 127.807 | -0.614 | 114.918
E 2. A4 gerg E o] &8 AE HAAH
o HE
EEETIE T B 294
A (79.50, 29.61) (78.90,17.78)
B (98.49, 48.05) (98.71, 28.38)
C (117.52, 52.86) (117.36,39.89)
D (58.24, 149.60) (57.99,136.60)
E (39.32, 144.36) (38.79,123.99)
F (20.78, 125.52) (20.56,112.72)
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