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Unsupervised

2 A

4% oy Supervised

- Regression

- Logistic regression

- Neural Networks

- Decision Trees

- Decision Trees

- Neural Networks

- Discriminant
Analysis

- Decision Trees

Prediction{e] &} 48 B7}% P(Not Feasible)

- Clustering (K-means, etc)
- Neural Networks

- Kohonen Networks

- Self Organizing Maps

- Principal Components

- Clustering (K-means, etc)
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- Factor Analysis
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Ad 9grigle Fa@HA, H4, 4% 5§ Fopde
gdAe Z2AAT or)els A (Statistics) E 5
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1) 4yt Mulx 27 (telnet ftp,smip http,ping etc)
2y zg & : TCP, UDP, IP, ICMP

3) Timestamp, duration, 32E IP ¥ X E ¥3
4) SAANZREH e byte F (src_bytes)

5) 23 A2 B byte §(dst_bytes)

6) flag : ACK PSH FIN SYN URG RST

7) Foi Azt BFA IP M

8) AAAAA EHAZ HIF ARt

9) EXA XE ¥ ‘
10) 232 1P, £33 IPY] 98 ZZAXE I

268.223.20 (193.100.53.20)
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1) host-based #Z : teardrop, ping of death,
bonk, cob, Winnuke %

2) Network-based &7 : XE % 5Y ZTLAE F
2 A8, Ping 274, Syn Flood , ICMP Flood %

- IP Spoofing : half open connections
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- tlogin : 97 29 FZA Al=d AYE 5
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- Network Hopping : AgAt2] #3 E3FL A
A AzdS AL Y537 A% 92FHY F
g e Re Py g 2AF ¥ PFF3}

E P90l wet g3 % 3.
3. AR AMA WY
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3.1.1 HYH ADF(Apriori Algorithm)

B4E 9F AYe 7 92 dm= doleulols
oA Agsal FAL A5 AF FEILE A
4% R ol H3olA A ¢l(Support) it

€9 & 2
#He] H4 gH A2 (Confidence)F3H & A4zt

procedure Apriori Algorithm()
begin

L1 := {frequent 1-itemsets};
for ( k = 2; Lk-1 (; k++ ) do {
Ck= apriori-gen(Lk-1) ; // new candidates
for all transactions t in the dataset do {
for all candidates ¢ Ck contained in t do
ccount++
Lk = { ¢ Ck | ccount >= min-support }

}
Answer = k Lk
end

<ag 31> 993 g2 F(Apriori Algorithm)
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