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procedure Apriori Algorithm() begin

L1 = {frequent 1-itemsets};
for ( k = 2; Lk-1 0; k++ ) do {

Ck= apriori-gen(Lk-1) ; // new candidates
for all transactions t in the dataset do {

for all candidates ¢ Ck contained in t do

‘ ccount++ |}
Lk = { ¢ Ck | cicount >= min-support }
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end
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