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Target Marketing using Inverse Association Rule
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Making traditional plan of target marketing based on Association Rule has brought restriction to obtain the target of
marketing. This paper is to present Inverse Association Rule as a new association rule for target marketing. Inverse
Association Rule does not use information about relation between items that customers purchase like Association Rule, but
use information about relation between items that customers do not pruchase. By adding Inverse Assocition Rule to target
marketing, we generate new marketing rule to look for new target of marketing. From new marketing rule, this paper is to
show direct marketing about target item and indirect marketing about another item associated with target item to sell target
item. The reason is that sales of the item associated with target item have an influence on sales of target item.
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