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ABSTRACT

The purpose of this paper is developing a speech recognition module in a wheelchair for the sake of
convenience. of the disability. For this system, we used TMS320C32 as a main processor; eliminated noise by
applying Winer filter while considering characteristics of noise environment in pre-processing stage, and;
extracted 12 feature patterns per frame using LPC&Cepstrum. Then, we implemented the hybrid form
combining DTW (Dynamic Time Warping), which is generally used for isolated words in the conventional
algorithms, in the recognition part, and NN (Neural network) to prevent any error of recognition. In this
research, we achieved a recognition rate of more than 96% on isolated words when DTW and Hybrid forms

were individually experimented in noise environment
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3.2.1 Preemphasis & Frame Blocking & Window
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3.3.2 Neural Network
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