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# of Initial Model States = 2x(# of Target Fields)+1
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KHL>

Kparagraph)<datedfpril 29-24, 2881</dated</paragraph>
Kparagraphb{locatieriMontrel, Canadal/location>{/paragraph’
Kh>

Kparagraph?<seateacedlrganized by <> Centre de recherches npath?atiques
KHL> tinjuersite de MonTreal <MLY{/sentenced>{/paragraphd
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Kparagraphd<{sentence>Sponsored by <H.>
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Step 0. Do data preprocessing and generate a field
generation rule R for each field.
7 = initial model state by given equation.
Step 1. Construct initial model Ay with internal state 7
and rule R.
Step 2. If ( nState i, < nState;< nState ., ) Goto Step 5.

Step 3. Compute field distance of model Ag.
Step 4. if (exist(state pair within state distance §)) then
Merge nearest two states(one pair).
nState; « nState, - 1, Goto Step 2.
else Goto Step 5.
Step 5. Compute (O [A) with observation
0= (0y,0;,0;,07) and model A= (x, A,B).
Step 6. Estimate optimal model parameters with the
standard EM algorithm (Baum-Welch)
Step 7. Find the optimal state sequence

a=1{(4,, 42,42, 47) with given observation
0= (01,02, 02““,07') and model A.
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