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Cx = apriori_gen(Li1);
for_all p € Cx p is a powerset of A, B
CompareTIDList( TIDLista, TIDListg)

{
TIDList4(1) € TIDListy (0<i<Sa);
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TIDListg(y) € TIDListp (0<3<Sg);

cur_support = 0, count - 0%

firsta, firsty are TIDLista(1), TIDListg(1);
lasta, lasty are TIDList4(Sa), TIDListg(Sgh
front diff = | firsta - firsts | ;

last diff - | lasta - lasts |

if (front. diff <- last_diff)
Start to compare TIDLists from the front;
else
Start to compare TIDLists from the back;

while( TIDListq or TIDLists doesn’t reach the end of the list)

{
if( min(Sa, Sg) = minsup &&
found the different TID from two TIDList)
remnove p from Cx 2)
if ( lasta < firstg || lasts < firsta)
remove p from Cx »
if( ( minsup cur_support) < the number of TID
remained to compare)
remove p from Cy @
count ++;
if( TIDList () * TIDListg(3))
compare next TID
else |
go to next TID in TIDList,,
go to next TID in TIDListg

cur._support++;
}

}
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