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2.1 Link Rule Extraction Techniques(LRE)
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2.2 Black-Box Rule Extraction Techniques(BRE)
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3.2. Join ¢ &9 AXAM
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[ 31] 494 Y Join S RYF

Sfor each Weight_i in Unit_k do begin
Jor each Weight_j in Unit_k do begin
test pair(Weight i, Weight_k) to see if they satisfy
the join condition
if they do, add (Weight_i, Weight_k) to the result.
end
end

Usually The join condition value is fixed value as 0.25

2 =FdME Join @3 ZE2 Join Conditiong
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About Increasing Scope [0.05 0.10 0.15 0.20 0.25 0.25 0.25] :

for i=1to NUMBER_OF_WEIGHT
forj=ito NUMBER_OF _WEIGHT
if (|ith_Weight - jth_Weight | < scope ) then {
meanValue = mean of ith_weight and jth_Weight
ith_Weight = meanValue
Jjth_Weight = meanValue

}
if (|ith_Weight- 0| < scope ) then
ith_Weight = 0
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