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Abstract

This study was conducted to derive optimal design floods by Gumbel, GEV, GLO and
GPA distributions for the annual maximum series at sixteen watersheds. Adequacy for the
analysis of flood data used in this study was established by the tests of Independence,
Homogeneity, detection of Outliers. Parameters were estimated by the Methods of L, L1
and LZ2-moments. Design floods obtained by Methods of L, L1 and L2-moments using
Gringorten methods for plotting positions in GEV distribution were compared by the
Relative Mean Errors and Relative Absolute Errors.
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Fig. 1. Identification of distributions by Fig. 2. Identification of distributions by Fig. 3. Identification of distributions by
L-skewness and L-kurtosis L1-skewness and L1-kurtosis L2-skewness and L2-kurtosis

4, 2oty 2 AU FAF2LAHRRMSE)SH FHH N AHRAE)Y g AR HAZTZ

A7

HY dEFy¥ygoz AFY GEV #X 39 wiARF ATmiAEE, o AXAASF, ¢
2 e AESE, kS FHER L, L1 B L2-RHEY 93 T3

Zt 499 5t Monte Carlo ¢2dZo o8 BEA7] 20, 40, 60 2 1007 H= 1,000
3 ZougE E¥Xye AHUE,FS ALY Y Uxd HAZSFH AEAE 9
3 Uizl HAZSFEFHY LFENE AUFTAFZ2LAHRRMSE)S 2t g L AHRAE)
o FggerA Z FYd wE V=Y A YAZTFTIFS AT & dA ok

metA B 2N As Z F99 QHNEFFH EgRNE FHEY dHYTFHol
GEV X3 @& L, L1 ¥ L2-EAE 93 ZtzZte] Wi MHAFs o FAHHAL,
A&} mojdty Agd 93 FAHAE 229 Nxd AAZTHFE QAoE FoFdATS
QA AUiA At o QLAEAES AASY ui¥s FAEY A% W HAFS
Fhe] AL ¢do B HEZENE FRtA Tt

AR S 4 Wl oE F9EZ FIF ASX Nrd HAZFFS R IAv|ER
T3 2ouE ey AAZFSFY AdATAFTLA € AdAdeE pged, ¥

£ 42 3359 wiRs F30EE 5237

o4 — -~ - @ — — GEVA-momentieize 20)

| Sosimsn HE AR FUPEAFZLAE BN dHe
— @ — GEVAI-moment(size 40)
R - Fig 4% 2

Fig. 4914 R ule} o] FuRFaAFZ A
' AF7IZe] ARl wet kst 3%g JE
WA L2-EHEWH o3 AulBFAFZLA7t
L 2 LI-EHEY & ARG A e

L ~ o, o] g AdE FE AU} FL4E Ay
, T T . B AFE Y
R e HEHog oo AANE Z B v L2-%

Fig. 4. Comparison of RRMSE estimated by _
dE olal & =] X Z2=gko o
GEV distribution using method of Bl o5 fr=d =2 AAEFFl L 7

L-moment, L1-moment and L2-moment LI-ERWEY] & Wed HAZSTZF B} AW
at Gongju watershed of Geum river. 7 #8& Ry FQu}

- 312 -



5. %99 A4 AAFLES §E

F¥E GEV 2EY9 L2-mdsye] BE AQ/E 4AFSFF FEsach EE o
2 33490 U@ BAHE Table13 2o L2-EAEWY AYE AAE Aekd L L1 2
L2-2AEgol o8 58 GEV £XYol 98 YAE+FE E29 LAY Gringorten
ol o) W2ALEL TIHL o8 Gumbel FEA ] ENGHUCH EE A2 FFFAol
g8l EAS AIHe Fig 5% 2o

Table 1. Quantiles following the return period for GEV distribution using L2-moment

method., (Unit : CMS)
. Return period
Station 5 10 20 50 100 200
Gongiu | 302440 | 475131 | 542171 | 614072 | 658754 | 696715
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