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Abstract

In this paper, in order to get rid of danger trapped Local minimum point, disadvantage of General
Back-propagation and simultaneously obtain fast learning-speed. We propose PID Back-Propagation with
Momentum Term(PID-BPMT) and Design PID Controller by Neural Network with Momentum term. Consider
to apply for that Controller in position control system by driven D.C servo motor. its useful performance is
verified by computer simulation
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Fig. 1 Block diagram of DC servo motor in the

discrete-time domain
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Fig.2 Architecture of PID Back-propagation method
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Table 1. Parameters of DC servo motor
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Fig.5 System response of PID-BP mode.
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Fig.6 System response of PID-BP mode
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Fig.7 System response of PID-BP mode
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Fig.8 System response of PID-BPM mode
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