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Sampling Rate 16 kHz
Pre-emphasis coefficient 0.98
Hamming Windows ves
Frame length 256 points
Frame Shift 120 ppoints
Cepstram vector dimmension 10
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Number of Mixture : 16
Parameter : CEP + /4 CEP
ZH LS
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ETRI 445(20%) 95.0 % 95.0 %
KLE 452(31%) 93.5 % 93.5 %
ETRI + KLE(519) 94.1 % 96.1 %
ETRI+KLE(89%) 943 % 95.5 %
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