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Abstract
This paper proposed trajectory tracking control
of Mobile Robot. Trajectory tracking control
scheme are Real coding Genetic-Algorithm and
Back-propergation Algorithm.
Control scheme ability experience proposed
simulation,
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Fig. 2-1 Mobile Robot modeling
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Fig. 3-1 Structure of mutli layer
neural network for learing by RCGA
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Fig. 4-1 The block diagram of propo-
sed trajectory controller structure for
Mobile Robot
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