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ABSTRACT

This paper is implementation of cellular automata neural network system which is a living creatures’
brain using evolving hardware concept. Cellular automata neural network system is based on the
development and the evolution, in other words, it is modeled on the ontogeny and phylogeny of natural
living things. The proposed system developes each cell’s state in neural network by CA. And it regards
code of CA rule as individual of genetic algorithm, and evolved by genetic algorithm. In this paper we
implement this system using evolving hardware concept Evolving hardware is reconfigurable hardware
whose configuration is under the control of an evolutionary algorithm. We design genetic algorithm
process for evolutionary algorithm and cells in cellular automata neural network for the construction of
reconfigurable system. The effectiveness of the preposed system is verified by applying it to time-series
prediction.
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