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ABSTRACT

The fuzzy equalization method does not require the usual leaming step for generating fuzzy
rules. However it is heavily depend on the given input-output data set. So, we adapt an
hierarchical scheme which sequentially optimizes the fuzzy inference system. Here, the parameters
of fuzzy membership functions obtained from the fuzzy equalization are optimized by the genetic
algorithm, and then they are also modified to increase the performance index using the linguistic
hedge. Finally, we applied it to the Rice taste data and got better results than previous ones.
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