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ABSTRACT
We design the intelligent diagnosis system for deciding on operation state of TMS

Analyzer in this paper.

We propose the method to model the neuro-fuzzy model for

diagnosing the operation state of analyzer by using input and output signals of TMS to

measure NOx and SOx.

By using experiment data,

neuro-fuzzy model is investigated.

Validity of the proposed system is asserted by numerical simulation.
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