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HE £33 g gelt. 4 4274 WEH(ALL, acute
lymphoblastic leukemia)® JFA4 FIFA WY (AML,
acute myeloid leukemia)?] 5 73] Fdl&22 EF 901l
P EgdAde 44 438 AR g o/ &3t Fast 7}
A glE Mol ALL, AML 3 o= AURE EHds=
AEE . olg AT Aade A EY £5 dA
o HEER gl & g e Mok 1), B
FZ gdAdME 84 gd HEE £75357] 98 7129
Ae FAAZRE EFo DA olgitdn dzsle #4
2 2578 A9 g
AP EF dAd e Ada 25519 FAAER TS
of2le 3879 ghyHejE el 3472 HAE HeHE @
7EA ER7)EC B EEe RFEGh

Pearson ’s correlation
Spearman 's correlation
Euclidean distance
Cosine cosfficient
Information gain

Mutual infermatlon
Signal te noise ratio
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9} 2uojdl A@FA (Spearman’s Correlation)e]™, N
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(3) AHol&

A deole&8E 2v] 9l AR E Wohi: HER
HAHo|EoA A3 AE o|5(IG, Information Gain},
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(Signal to noise ratio}) 52 WY& &3t F, A48
oS3 243 AL A= §F f4Ay WA 439
B4 Z2d2 oo 3= 7He 59 o FAxs By
7t GR(FAA 9 ARE dlrt S0t o9
o F 7HA] 7]Eel -]3?1 v 7k7 #/F2 78 An, & 3
Fo e H4E9 FE A A B C D EE W, F
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%, RE 54 43 P00 Ul 5B38% o FA% A A
FF2 BT o)k A HAE tolE] S W&
ALL 2ol $3tte Beg MEle A9l A5golz
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. BP DT |[SASOM| kNN
Hol&= ABAA | 97.1% | 97.1% | 882% | 25.4%
23w AAAA | 706% | 82.4% | 82.4% | 44.0%
FEgcr Al | 97.1% | 82.4% | 82.4% | 44.09
HA A+ 70.6% | 735% | 70.6% | 35.7%
AR o= 88.2% | 47.1% | 64.7%¢ | 585%
A5 67.7% | 55.9% | 64.7% | 58.8%
A% o FE 04.19 | 91.2% | 94.1% | 20.0%
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