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ConstructTree(Node ThisNode, Relation R)
{
(1) Attr = SelectBestSplit(R)

//Select the best-split attribute of R
(2} ThisNode.label = Attr;

/Mark the label of ThisNode as Atr
(3) For each attribute value x of Attr
@

// Select records whose Attr attributes are ‘X’

(5 NewR = SelectRecords{R, Attr, x)

// Make a new decision node
(6) NewNode = NewNode();

// Make NewNode a child node of ThisNode
(7 NewNode.parent = ThisNode;

// call this procedure itself for the child node
8) ConstructTree(NewNode, NewR);
}
}
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RID | RA Gender Income FVB
t East Male 0k E2
2 East Male T0k El
3 Far-East Female 80k El
t4 Mid-East Male 0k E2
15 Mid-East Female 30k E2
6 West Male 90k Wi
t7 West Male S0k w1
t8 West Female 100k w2
9 West Female 40k w2

t10 | Wast Female 50k w2
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AssignClass(DecisionNode Attr, Record R)
{
{1) If Attr is a terminal node, return (Attr.Decision);
{2) Child = the node fojlowed hy the branch with a label
identical to R.Attr.
(3} Answer = ConsultTree{Child, B}
(4) For each branch with a labe}
that is generalization of R.Attr
{

5) Child = the node followed by this branch;
B Temp = ConsultTree{Child, R);
[¥)] if TempConfidence > Answer.Confidence,

then Answer = Temp;

(8) For each branch with a label
thai is a specialization of R.ALtr

{
{9 Child = the node followed by this branch;
{10} Weight = the ratio of this specialization;
{1 Temp = Weight X ConsultTree(Child, Tt);
A3 If Temp.Confidence > Answer.Confidence,

then Answer = Tempi

}
(13) return{Answer);
}
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