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Abstract

The present paper deals with a multiobjective optimization method based on the co-evolutionary
genetic strategy. The co-evolutionary strategy carries out the multiobjective optimization in such way
that it optimizes individual objective function as compared with each generation's value while there are
more than two genetic evolutions at the same time. In this study, the designs that are out of the given
constraint map compared with other objective function value are excepted by the penalty. The proposed
multiobjective genetic algorithms are distinguished from other optimization methods because it seeks for
the optimized value through the simultaneous search without the help of the single-objective values

which have to be obtained in advance of

the multiobjective designs. The proposed strategy easily

applied to well-developed genetic algorithms since it doesn't need any further formulation for the
multiobjective optimization. The paper describes the co-evolutionary strategy and compares design results

on the simple structural optimization problem.
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Table 1 Comparison Result for P=92(

constraint
map Al A2 F1 F2 |NSOL

linef;a;amp 0.7100 | 3.3800 | 4.9685 | 3.3878 | 100

sine map | 0.7100 | 3.3800 | 4.9685 | 3.3878 | 100

half linear

ramp map 0.7100 | 3.3800 | 4.9685 | 3.3878 | 77

half sine
map 0.7100 | 3.3800 | 4.9685 | 3.3878 | 77
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Table 2 Comparison Other Result

Al A2 F1 F2

Ref(5) 0.57958 | 3.48710 | 5.12636 | 3.62905
Ref(8) 0.57743 | 3.39209 { 5.02531 | 3.72123
Ref(8) 0.69000 | 4.13000 | 5.96154 { 3.00933

Present research | 0.71000 | 3.38000 | 4.96850 | 3.38780
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Table 3 Comparison Result for P=4{)

constraint
map Al A2 F1 F2 |NSOL

linear ramp
map 15450 | 4.805 {9.0741 | 4.707 | 100

sine map | 1.5450 | 4.805 | 9.0741 | 4707 | 100

half linear
ramp map 15450 | 4.805 {9.0741 | 4.707 | 67

half sine
map 15450 | 4.805 | 9.0741 | 4707 | 67
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