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Algorithm OverlapableSimilarPatternMatching(SBF, CBP,
EDF)

Input:  SBP (Standard Behavior Pattern)

CBP (Compare Behavior Pattern)

EDF (Element Distance Function)
Output : Distance (a distance of NBP and CBP)
begin

Jori=11o |SBP|
insert position of closest same value on CBP with
SBP[i] to e
tDistance = tDistance + EDF(|i - e])
end
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Algorithm DistanceFirstSimilarPatternMaiching(SBP, CBP,
EDF)

Input . SBP (Standard Behavior Pattern)

CBP (Compare Behavior Pattern)
EDF (Element Distance Function)
Output : tDistance (a distance value of NBP and CBP)
begin
for i = 1 1o length of SBP
SearchCloestEvent(i, 0, SBF, CBP)
Jor i = 0 to length of SBP
tDistance = tDistance + EDF(MEDi)
end

procedure SearchClosestEvent(i, initCmpEvent, SBP, CBP)

Input: SBP (Standard Behavior Pattern)

CBP (Compare Behavior Pattern)

i (Event Position of SBP)

initCmpEvent (Start Position of Searching)
begin

insert a event, which is a closest same value among
Jarther than initCmpEvent on CBP with SBP[i], to
Candidate
Candidate MED = distance from Ev; to Candidate
[f Candidate MED < MEDCandida/eMED
ME¢,pdidaremep = ith event of SBP
MEDCandidaleMED = CandidateMed
if ME condidare i8 not a end of CBP
SearchClosestEvent(Candidate,
SBP, CBP)
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else
if Candidate is not a end of CBP
Candidate=SearchClosestEvent(i,Candidate,
SBF, CBP)
end
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Algorithm DirectionFirstSimilarPatternMatching(SBF, CBP,
EDF)
Input :  SBP (Standard Behavior Pattern)
CBP (Compare Behavior Pattern)
EDF (Element Distance Function)

Output : tDistance (a distance value of NBP and CBP)

begin
Jor i =1 to length of SBP
SearchCloestEvent(i, 0, SBP, CBP)
Jor i =0 to length of SBP
tDistance = tDistance + EDF(MEDi)
end

procedure SearchClosestEvent(i, initCmpEvent, SBF, CBP)

Input . SBP (Standard Behavior Pattern)
CBP (Compare Behavior Pattern)
i (Event Position of SBP) :
initCmpEvent (Start Position of Searching)
begin

insert a event, which is a closest same value among
farther than initCmpEvent on CBP with SBP[i], to
Candidate
if Direction of Candidate is not same to initCmpEvent
Candidate MED = distance from Ev; to Candidate
ifCandidateMED < MEDCandidaleMED
MECandidaleMED = jth event OfSBP
MED candidaremep = CandidateMed
if ME Candidase 1 not a end of CBP
SearchClosestEvent(Candidate,
MECandidalev SBR CBP, )
else
if Candidate is not a end of CBP
Candidate = SearchClosestEvent(i,
Candidate, SBF, CBP)
end
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