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Table 1 Coefficients for simulation using RGA
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Table 4 Performance analysis for the second
-order nonlinear system

B Rl I B ol Iy
05 FLC 23.1 3.11 12
~ | AFLC 12.7 2.29 10
. |_FLC 255 | 3.06 12
| 3 | arLo 19.5 2.15 10
05 FLC 30.0 2.97 12
! AFLC 28.5 2.01 13
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