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Digits Recognition Using a Non-lterative Neural Network
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Dept. of Electrical Eng.. Dongguk Univ.

Abstract - Most neural network learning
schemes are derived from learning systems
which are generally iterative in nature. But,
when the given input-output training vector
pairs satisfy a PLI condition, the training and
the application of a hard-limited neural
network can be achieved non-iteratively with
very short training time and very robust
recognition when it is applied to recognize any
untrained patterns.

In this paper, a method of expanding the
dimension of training pattern data is suggested.
The proposed method demonstrates better
performance and robustness.
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